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Abstract In modern information societies, there are infor-
mation systems that track and log parts of the ongoing
political discourse. Due to the sheer volume of the accu-
mulated data, automated tools are required in order to
enable citizens to better interpret political statements and
promises, as well as evaluate their truthfulness. We pro-
pose an approach to use the established machine learning
and data mining techniques for analyzing annotated political
statements and promises available via the Serbian Truth-o-
meter (Istinomer) system in order to extract and interpret the
hidden patterns of truthfulness and deceit. We perform stan-
dard textual processing and topic extraction and associate
topical truthfulness profiles with the promise makers, for
pattern discovery and prediction. Prevailing trends in Ser-
bian political discourse emerge as strong association rules
where truthfulness is set as the target variable. The evalu-
ated set of standard content-based prediction models exhibit
a bias towards the negative outcomes, due to an overall low
truthfulness rate in the data. Our results demonstrate that
it is possible to use data mining within political informa-
tion systems for generating insights into the workings of
governments.
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1 Introduction

Governments across the world are using various systems
for tracking public opinion and citizen activity and some
concerns have recently been raised about the significant
decrease of privacy in the modern age (Danna 2002; Cate
et al. 2012; Custers et al. 2013; Sanches et al. 2013; Vaidya
2012; Mostafa and El-Masry 2013). Transparency is impor-
tant in order to prevent corruption and the abuse of power.
The public requires access to information that tracks gov-
ernment policies and/or historical political discourse in the
media. This is especially true for countries undergoing
a political transition towards modern democracy, such as
Serbia.

A high rate of corruption in the post-communist Euro-
pean countries (Vachudova 2009) has lead to an increase
in apathy and a general loss of interest among the vot-
ers (Greenberg 2010). Previous studies have shown that
the overall truthfulness of political discourse varies greatly
across different countries and that the rate of promises being
kept is far from uniform (PAtry 2009). Lying has been iden-
tified as a commonly used tool (Cliffe et al. 2000). An
in-depth analysis of the political discourse has become an
important topic (Fairclough and Fairclough 2013). How-
ever, modern data analytic techniques have not yet become
widely used when addressing these issues.

We propose to use a semi-automated data mining
approach for uncovering patterns in online textual archives
of political promises. As a use case, we analyze the anno-
tated set of promises made by politicians in Serbia over
the span of several years. The analysis was performed
on the publicly available Truth-o-meter data (Istinomer,
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http://istinomer.rs/). The proposed approach is language-
independent and therefore easy to generalize for analyzing
political promise archives in other regions of the world.

Text mining (Miner et al. 2012) is a form of data mining
that aims at extracting high-quality information from text
by detecting hidden patterns and trends (Zhong et al. 2012).
This usually involves some sort of natural language process-
ing (Jackson and Moulinier 2007). Text mining techniques
are used throughout many different domains (Dorre et al.
1999), including life sciences (Dai et al. 2010; Uramoto
et al. 2004), media, marketing and healthcare applications.

However, up until now, text mining has not been widely
used in political discourse analysis. As political debates tend
to be quite complex, the analysis is often done manually by
experts and analysts. Text mining has been used for assess-
ing public opinion on certain topics (Balasubramanyan et al.
2010) and predicting election outcome (Murray et al. 2009;
Campbell 2008). These automated tools are used mostly
by governments and political parties in order to adapt their
public relations strategies (Howard 2005) and are usu-
ally not available to the general public for monitoring the
performance of appointed representatives.

This paper is structured as follows. We begin by summa-
rizing the major contributions of our work in Section 1.1
and reviewing related research in Section 2. Serbian Truth-
o-meter data is described in detail in Section 4, as well as
the information retrieval and text processing techniques that
were used to produce the final data representation. Section 5
presents exploratory visualizations of some important trends
in the data and sets ground for more complex analysis and
introduces the reader to the topic. In Section 6, a way
for detecting typical promises in the corpus is proposed.
Section 7 compares topical truthfulness profiles of differ-
ent politicians and discusses most similar politician pairs.
Finally, Section 8 discusses possibilities for content-based
automated truthfulness prediction, as well as a set of asso-
ciation rules mined from the examined corpus. Section 9
summarizes the results and Section 10 concludes the
paper by setting directions for improvements and plans for
future work.

1.1 Contributions

This paper is among the first to apply modern analytic tech-
niques for truthfulness prediction in political information
systems and the first one that addresses this issue in Serbian
Truth-o-meter data in particular. This is important due to the
well-known intricate dynamics of Balkan politics.

Political promise statements and comments were rep-
resented in a language-independent way via n-grams
and extended by automatically extracted topics. Topical
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truthfulness tendencies were used for discovering truthful-
ness patterns in the data along with the original textual
representations.

Topical promise profiles were generated for all politi-
cians present in the database and utilized for prediction,
as well as cross-politician comparisons. The initial results
suggest that politicians in similar roles tend to make very
similar promises. This might come as a slight surprise, as the
data covers several government mandates where the ruling
parties often had opposing political programmes.

Automatic extraction of association rules was used for
pattern discovery in the data, with truthfulness as the target
variable. These patterns show that Serbian politicians are
more/less likely to be truthful on certain sets of topics than
others. For example, if there is a promise made in a name of
a political party regarding building new infrastructure dur-
ing the election campaign - it is most likely not going to be
fulfilled.

Finally, we have evaluated several standard predictive
models for on-line promise truthfulness prediction. It was
determined to be a challenging task in the absence of meta-
data and the predictions were skewed towards the negative
outcomes. However, not all promise makers were found
to be equally difficult to predict, which gives rise to opti-
mism about future research directions and better and more
effective prediction pipelines.

2 Related work

Public opinion mining and topic popularity analysis is usu-
ally based on data acquired from news websites (Scharl
and Weichselbraun 2008), blogs (Adamic and Glance 2005)
and other social media (Helbing and Balietti 2011; Stieglitz
and Dang-Xuan 2012), like Twitter (Balasubramanyan et al.
2010) and Facebook. Relevant information can be extracted
both from posts and comments, as well as likes and/or dis-
likes, if available. An alternative is to infer topic trends by
mining search queries (Weber et al. 2012).

Many trends can be observed by simply analyzing text
via standard bag-of-words or n-gram models, but more fine-
grained approaches have lately become quite popular by
employing different sorts of sentiment analysis and opinion
mining (Maragoudakis et al. 2011; Liu 2007). It is possi-
ble to determine the attitude of an article or a comment by
analyzing the sentiment expressed in individual sentences
towards the mentioned terms and concepts (Pang and Lee
2008). Some a-priori knowledge of the positive and nega-
tive words and constructs of the language is required and
is usually loaded from specially prepared databases and
dictionaries (Baccianella et al. 2010).
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Social network analysis can be incorporated into the
textual analysis of informal online discourse for determin-
ing the political beliefs of forum participants (Malouf and
Mullen 2008).

Large-scale online sentiment analysis in the context of
tracking political trends is often done with intent of pre-
dicting or influencing the results of the upcoming elections
(Murray and Scime 2010; Grosskreutz et al. 2010). News
sources are a valuable source of information for tracking
informal political discourse as well and are often analyzed
alongside the associated blogs (Gamon et al. 2008).

Roll call voting data has been incorporated in various leg-
islative studies (Clinton et al. 2004; Jackman 2001). Special
attention has been given to incorporating recording bias into
the models in order to ensure the correctness of the analysis
(Carruba et al. 2006).

Modern information systems can also be quite useful
for the general public, as they enable voters to directly
express their opinions on certain public policy proposals
(Charalabidis et al. 2012; Loukis and Charalabidis 2012;
Charalabidis and Koussouris 2012) and interact with the
government via e-government systems (Rana et al. 2013;
Weerakkody et al. 2013; Janssen et al. 2012). These crowd-
sourcing legislative models represent a step towards a
more open and direct democracy. Some information sys-
tems are capable of detecting the early spread of political
misinformation, whether random or intentionally induced
(Ratkiewicz et al. 2011).

Ways of dealing with factual inconsistencies and the dis-
semination of misinformation are becoming a necessity.
The public seems to be overwhelmed with media infor-
mation and is often unable to reliably distinguish between
facts and fabrications. This is why some media groups
have begun working on specialized fact-checking services,
introducing truth-o-meters and databases of statements
and promises. PolitiFact (http://www.politifact.com/) is one
such service. The Serbian analogue is the Istinomer website
(http://istinomer.rs/) that we will be analyzing in this paper.

PolitiFact and Istinomer are not the only initiatives for
establishing ground-truth factual information about politi-
cal discourse. Some notable examples include http://www.
truthfulpolitics.com/ and http://www.factcheck.org/.

3 Overview of the proposed approach

The proposed approach for detecting patterns of truthfulness
in political promise data involves multiple steps. Figure 1
gives a brief outline of the major components and goals in
the analysis. All of these steps will be discussed in full detail
in the following Sections.

Raw political promise data

/\

‘ Extract n-grams ‘

v

‘ Generate Bow ‘

‘ Extract topic vectors ‘

Pattern mining:
Generate association rules

‘ Combined representation ‘

.

‘ Similarity computations ‘

Find typical promises ’

Truthfulness prediction ‘

Fig. 1 A high-level overview of the proposed approach for analyzing
political promise data

The approach relies on two separate feature extraction
components. The syntactic component provides the basic
textual representation used in the analysis. This syntactic
representation is semantically enriched by topic extraction
in order to enable topic-level analysis of the data. These
representations are then used either separately or combined
in subsequent steps in the analysis. Topic-level representa-
tion is better suited for pattern mining while the enriched
syntactic representation can be used for similarity-based
prediction and prototype selection or clustering.

For different languages, the process can be either fully
automated or semi-automatic. This depends on the over-
all availability of natural language processing tools and
services for each language in particular.

4 Data

Information retrieval approaches implicitly assume that the
fetched data had not previously been falsified and that the
overall noise levels are acceptably low. However, in heated
political debates, opposing politicians often make entirely
opposite claims and there is a high level of inaccurate
or false information being spread. The discourse data is
spread over diverse heterogenous sources and knowledge
integration remains a difficult technical challenge.

In our analysis, we have focused on using the expert
annotated political promise/statement data. In Serbia, this
service is provided by Istinomer, similar to the PolitiFact
Truth-o-Meter in the US.
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Fig.2 An example from the
Istinomer website: a promise
given by Mirko Cvetkovic¢
stating that the size of the
government is going to be
reduced in January 2011. This
promise was not fulfilled

4.1 The Istinomer project

Istinomer is a non-government project lead by a group of
news reporters, political analysts and actively participating
citizens that help in populating the database of political
statements, promises, comments and insults. The readers
may participate by proposing certain actions and initiatives.
The goal of the Istinomer team is, as stated on the webpage,
to enforce responsibility when addressing the public and to
keep the people from forgetting the controversial events and
affairs.
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Fig.3 The number of promises given by politicians and processed by
Istinomer, aggregated by politician
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15.02. 2011. / Mirko Cvetko
Posle doceka — o
smanjenju Vlade

“Vladajuca koalicija ce posle Nove godine
poceti pregovore o smanjenju Viade.”

The content offered via the Istinomer web portal is
divided into several sections. The major sections include:
promises, truthfulness, consistency, insults, investigations,
look-back, notes, topics, polls and a list of tracked political
figures. The truthfulness section covers the statements that
are obviously false at the time when they are given, when
a simple check is sufficient to uncover the real truth. The
promises section deals with the announcements of future
plans, promises that are given to the voters at a certain time
in order to gain their trust and support. An example is given
in Fig. 2.

Even though analyzing the factual truthfulness data is
interesting in its own right, this paper focuses on analyz-
ing the truthfulness of political promises instead. Factual
truthfulness can more easily be checked with little or no
computer aid, so there is less need for using automated
analytic support systems. However, truthfulness of given
promises can not be reliably estimated at the time when they
are given. This is where automated profiling can potentially
be useful.

The following information is provided within each
promise page: title, upload date, date of the initial statement,
politician name, short statement (usually a sentence or two,
sometimes more), as well as a one-line contextual clarifica-
tion and a comment/analysis by the Istinomer team. Public
comments are allowed, but rarely used, so most articles
contain no user comments.

We have analyzed both the short political statements
themselves and the more detailed Istinomer comments
(pruned of certain words, see Section 4.2). The latter are
similar in content to news articles reporting on promises and
statements in real-time.

4.2 Preprocessing and data representation

We have implemented a web-crawler in Java and down-
loaded the content of the webpages containing the reviews
of the political promises on the Istinomer website. The data
was crawled on 21.7.2013., so the data contains only the
promises that were evaluated and published on the web-
site up to that point. This dataset comprises 1380 promise
statements and comments made by 273 different politicians.

The distribution of promises is highly skewed to the right,
as shown in Fig. 3. Most statements in the corpus were given
by a small number of very influential officials and many
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Table 1 Fuzzy quantification of qualitative truthfulness estimates

Qualitative estimate 6
“the work has not even started” 0
“unfulfilled” 0
“started but then stopped” 0.25
“working on it” 0.5
“almost fulfilled” 0.75
“fulfilled” 1

politicians have only 1 or 2 assigned promises. This follows
the distribution of political power, as the more powerful
politicians are able to make and fulfil more promises. Addi-
tionally, they are the usually in the focus of political studies,
so this might also have been caused by a reporting bias.

The Istinomer promises data is not annotated with any
tags or keywords that might help with topic detection. This
means that all analysis must be based on the free text state-
ments and comments. The data is available exclusively in
Serbian.

Unlike for English, there is no stable and reliable text
mining and natural language processing toolkit for Serbian
that has been thoroughly tested in practice and used consis-
tently in various analytic projects. These tools are currently
being developed and improved by several research teams
(Vitas et al. 2003). Attempts are being made at building
an effective stemmer for Serbian (Vlado and Sipka 2008;
Milosevi¢ 2012), but a quick analysis reveals that this partic-
ular rule-based implementation does not perform very well
on complex texts and discussions.

A language-independent approach for handling state-
ment and comment texts was applied, via character n-grams
(Damashek 1995), instead of the more usual bag-of-words
representation. For reasons stated above, no stemming or
lemmatization was performed.

Character n-grams have been successfully used in the
past in many text mining applications, including plagia-
rism detection (Stamatatos 2009), document categorization
(Cavnar and Trenkle 1994), authorship attribution (Keselj
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Fig. 5 The best and worst promise keepers, among those that have
given at least 5 promises

et al. 2003) and named entity recognition (Klein et al. 2003).
Previous studies have shown that using n = 4 is a good
choice for most European languages, so we have followed
this recommendation and used 4-character long sequences
in our own analysis of the Istinomer data.

Some comments had an explicit mention of whether
the promises were fulfilled or not within the comment
text, so all the occurrences of “fulfilled” (“ispunjeno”) and
“unfulfilled” (“neispunjeno”) were removed from Istinomer
comments prior to extracting the n-grams. Also, all of the
special punctuation characters have been removed from the
texts and all the whitespace characters have been merged

0
unfulfilled/not
started

started/stopped

working on it almost fulfilled fulfilled
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Fig. 6 The number of positive 900 -
topic matches in Istinomer ., 800 i
promise comments and iy
statements £ 600 \
% 500 T
%400
g 300
3 igg ‘ ] ® Frequency
0 l B . _-_u | | - : l_lj_,_-,
@ > > & . o W S A O L CA ISP TP TR SR SR -2 N
Qo\‘(' o&e, & 5 .,\‘&@éﬁ,‘\o &\z@‘o\\ > éo‘\z &OQQ,b\\Q:,Qéi@)‘\ s &‘0(\'3"\000& °e°\\ b’b\o ‘;\Q\é"\‘ o
N NN 2 & RPN SR SN &
o RO S Q SO R "'\%6@ &
£° DN LK @ S
'b(-\\x N <&
&
o
(a) Statements
1000 —
900
% 800
o 700
E 600
£ 500 -
Y 400 - =
g 300
2 200 fl I ® Frequency
100 - I
i N HE NN - AN
<0fb°\'§5'9%\ & & e&@( o‘\s& O . & & & &
N P & L0 O & & O &S SRS
€ \’\7'6 ¥ S k“oo\eé\ e,"’b\\ o« @“‘-\5 &o\)&é"’\ & {\{‘?‘ ‘{-°‘7° "’8&\0’\\ ‘?‘Q"b%&
N &P e 9 SO P @ <&
S N &K RN
A& Q NS \)«° 0y
o =
&
o‘\

to a single whitespace delimiting separate words. All words
were transformed to lower case.

We have implemented a simple n-gram extractor in Java
and have generated the n-gram representations both for the
statements and the associated comments made by the Isti-
nomer team. In the following analysis, we will examine
the results obtained from the statement and comment data
separately.

The short statement texts were merged with the one-
sentence contextual clarifications, that contain some basic
semantic information and nothing that would point directly
towards the truthfulness of the statements. Here is an exam-
ple of a statement context: “The Minister of Education about

Fig. 7 The average truthfulness

(b) Comments

the construction of the student dormitory in Ca¢ak.” (“Min-
istar prosvete o izgradnji studentskog doma u Cacku.”). This
contextual clarification was given for the statement where
the minister promised that the construction of the dormitory
will begin on June 1st 2013, which has not been fulfilled.

4.3 Quantifying truthfulness

Each Istinomer article presents an evaluation of a certain
political promise both in form of a free text comment and
a truth-o-meter score. This score is qualitative and can take
one of the following values: “the work has not even started”
(“ni zapoceto”), “unfulfilled” (“neispunjeno”), “started but

of topics automatically extracted

from Istinomer promise

comments

Truthfluness ©
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then stopped” (“krenuli pa stali”), “working on it” (“radi
se na tome”), “almost fulfilled” (“skoro ispunjeno”), “ful-
filled” (“ispunjeno”). In order to be able to measure cumu-
lative truthfulness over many statements, we have decided
to assign each of these qualitative grades with a number
0 € [0, 1], approximately quantifying the truthfulness of the
statement. The fuzzy approximation was done as shown in
Table 1.

It should be noted that this fuzzy interpretation of the
qualitative promise fulfilment tags is not unique and not
necessarily optimal. Ideally, we would be working directly
with the objective quantitative scores obtained by collabo-
rative grading. In practice, such high-quality evaluations are
rarely available and are not provided for Istinomer database.

The overall truthfulness of political promises in Serbia
is very low, the average being merely 0.305 - which is far
less than 50 %. It is also much less than what was reported
in some similar studies for other European countries (PAtry
2009), where the authors claimed that the political parties
fulfill 67 % of their promises, on average. This discrepancy
might indicate that there is an actual difference in truthful-
ness and that the overall truthfulness in Serbia is lower than
in most developed democracies or, alternatively, that there
was a certain data acquisition bias. It might be the case that
the Istinomer team is focusing on unfulfilled promises for
delivering their critique or that the previous studies have
had a similar positive bias for interpreting truthfulness rates.
The distribution of truthfulness in Istinomer promise data is
shown in Fig. 4.

The least truthful and most truthful promise makers
are shown in Fig. 5. The two least truthful promise mak-
ers, according to Istinomer data (by July 2013), are Zoran
Jakovljevi¢ and Milo§ MiloSevic, the ex-mayor and city
councilor of Valjevo and the ex-mayor of Sabac. They
are closely followed by Velimir Ili¢, a controversial figure

Fig. 9 Governments in Serbia,

and the founder of the ‘New Serbia’ political party. As
for the promise fulfillers, Goran KnezZevi¢ seems to have
the highest truthfulness score, regardless of the aflatoxin
controversy in 2013 (http://goo.gl/uhXg2Z). The second
best promise fulfiller is Mileta Mihajlov, the ex-mayor of
Zrenjanin.

4.4 Topic extraction

Different promises relate to different types of social
and economic problems. In order to perform a detailed
analysis of the political statements, it is necessary to
assign some higher-order semantics to the processed state-
ments. We propose to approach the problem by automat-
ically detecting the topics from statement and comment
texts.

Forming topic models from text is a difficult task and
various types of approaches have been developed in the
past, including clustering (Seo and Sycara 2004), keyword-
based approaches (Wartena and Brussee 2008), singular
value decomposition and independent component analysis
(Hamamoto et al. 2005), as well as the frequently used
latent Dirichlet allocation (LDA) (AlSumait et al. 2008).
Many of these approaches are unsupervised and based on
an assumption that the full set of topics is not known
in advance. However, the political statements address cer-
tain topics of public interest that can easily be defined
manually.

In our analysis of Istinomer data, we have manually
defined 25 different topics, as follows: Police, Judicial,
Organization Director, Local, Business, Energy, Privatisa-
tion, Political Parties, Public, Law, Money, Elections, Dead-
line, Sports, Infrastructure, Natural Disasters, European
Union, Pensions, Resignations, Humanitarian, Kosovo,
Education, Culture, Health, Ecology. Many of these topics

in the period analyzed in the PM: PM: PM: PM:
Istinomer data V. Kostunica V. Kostunica M. Cvetkovié . Daci¢
June June June June June June June June June
2005 2006 2007 2008 2009 2010 2011 2012 2013
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pop up very frequently in daily political debates. Court pro-
cesses (topic: Judicial) have been separated from passing
laws (topic: Law), since applying and proposing regulations
are two different things.

Automatic topic detection in statements and comments
was performed via regular expressions that contained sets
of of positive and negative indicator keywords for each
topic within the text. The used keywords were mostly stems
of words that are often used in certain contexts. A list of
keywords was compiled after several iterations of careful
examination of the Istinomer data and the vocabulary that is
used within the texts.

The vocabulary that the politicians use when addressing
the public is kept quite simple, unlike in literary texts. This
is beneficial for this type of regular expression topic extrac-
tion. In fact, an initial evaluation of the implemented regular
expression based topic extraction component showed good
performance on the observed subsample of the comment
data. It achieved a precision of 95 % and a recall of 91 %,
which is quite satisfactory given its simplicity. In future
work we intend to explore more complex topic models as
well in order to achieve even better performance and to
make the approach easier to generalize to other data sources
that incorporate richer vocabularies and more challenging
phrasing.

Figure 6 shows the number of positive topic matches
for statements and comments, respectively. Not surprisingly,
there were more topic matches among the comments (6368
compared to 3265), as they are much longer than the state-
ments themselves. More than 2 topics per statement are
detected on average and more that 4 topics per comment.

Fig. 11 The number of fulfilled 70
and unfulfilled promises of 60
various ages
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This is quite satisfactory. Also, the shape of the two discrete
topic distributions is very similar.

In both topic distributions, Business and Local are the
next leading topics. The Local topic discusses issues regard-
ing governance of individual cities or regions. They are
followed by several other frequent topics: Money, Public,
Law, Infrastructure, Political Parties, Education, European
Union and Police. The least frequent topic is the humani-
tarian one. It should also be noted that the detected topic
frequency is not directly correlated with the number of key-
words used for topic detection and is not an artefact of the
topic extraction process.

Different levels of truthfulness can be seen when address-
ing different topics, as shown in Fig. 7. Serbian politicians
are most truthful when addressing humanitarian issues in
case of natural disasters and least truthful when addressing
the elections, infrastructure, privatisation and the European
Union. It should be mentioned, though, that the high truth-
fulness in case of humanitarian issues stems from a very low
number of positive humanitarian examples in the Istinomer
promise dataset.

4.5 Measuring promise similarity

In some of the following experiments, mostly in Sections 6
and 8, a similarity-based analysis of the promise data is
discussed. As the data is represented by the standard vec-
tor space model (Raghavan and Wong 1986) in the 4-gram
feature space, the similarity between two statements and/or
comments is defined as the cosine similarity between the
corresponding vectors (Feldman and Sanger 2006). V =

——fulfilled

=== unfulfilled

30 months

18 months
Promise age

1year 2 years 3years
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Fig. 12 The evolution of
truthfulness in Serbian political
discourse, based on Istinomer
promise data
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[v1, v2..vw] is the 4-gram vocabulary that defines a |V|-
dimensional feature space. Statements and comments are
represented as vectors of weights, determined by the widely
used TF-IDF (term frequency, inverse document frequency)
rule (Feldman and Sanger 2006). Let P be the set of all
examined promises and let x; = [xl.l, xl.2 .. .xl.W] and x; =
[le.,sz....xjv.v] be the vectors representing two promise
texts. The cosine similarity between the promises is then
calculated as in Eq. 1.

Wz .z
XX Zz=| X 'xj

NG S S S

ey

sim(E, ) = 1

5 Visualizing the emerging trends

Political discourse evolves over time and changes with gov-
ernments, coalitions, treaties, as well as various internal
and external factors. As the promise and evaluation dates
were attached to each Istinomer article, we have used this
information to plot several interesting temporal trends.
Figure 8 shows the temporal promise landscape - the
number of promises given by various government officials
changes over time in a non-uniform way. The curve is far
from smooth, with many maxima and minima. The last
major recorded peak was in 2012, at the time of the Ser-
bian parliamentary and presidential elections (see Fig. 9).
These elections were quite uncertain until the very end and

Fig. 13 The evolution of 40
business and EU topics in 35
Istinomer promise data
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all the involved parties were trying to convince the voters
by promising many improvement